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Features used for the Classifiers

B Number of Characters

B Type of the user who posted the message
B Inclusion of bursty words

B Interval of Reply

B Time expressions in the message

Lifetime Duration

Time-Dependency of Values

B \We consider two types of informational value

Motivation Approaches

Assumption & Simplification

B Lifetime durations of time-dependent values
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(2) Five Binary Classifiers

B Some old but useful messages are
buried in many old messages whose
value has decreased.
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Accuracy of SVMs with Each Feature Removed
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